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.rs All-di�erent SMT solver
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Algorithm for �nding minimal explanationThe algorithm we propose 
an �nd explanation whi
h isminimal in sense of in
lusion.The algorithm is based on Regin's algorithm.Proposed algorithm is very e�
ient, be
ause it exe
utes in twograph traversals.
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Future workOur all-di�erent T -solver is planned to be integrated intoArgoSMT , whi
h is generi
 SMT platform in early stage ofdevelopement.Possible appli
ation: timetabling (tea
hing timetable forFa
ulty of Mathemati
s).
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Con
lusionsAll-di�erent 
onstraint: broad appli
ation area.SMT -approa
h: redu
ing all-di�erent based problems to SAT .E�
ient de
ision pro
edures based on mat
hing theory.Theory propagations explaining: new e�
ient algorithm isproposed.
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